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Abstract :00 In statistical machine translation, the evaluations of translation quality of
domains such as ATR’s Travel Task and Patent Translation Task was investigated. But the
evaluation of translation quality of sentence construction has been investigated. In this study,
We classified parallel corpus extracted from example sentence of electronic dictionary into
single and compound/complex sentence, and compared their translation qualities. As a re-
sult, We obtained the result that single sentence is effective as training data in translation of

compound/complex sentence.
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